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Experts | Experts | TPU v3 | Enc+Dec .
Id | Model Per-layer total Cores layers Weights
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(4) | MoE(512E, 12L) 512 3072 512 12 50B
(5) | MoE(128E, 36L) 128 2304 128 36 37B
(6) | MoE(128E, 12L) 128 768 128 12 12.5B
* | MoE(2048E, 60L) 2048 | 61440 2048 60 IT
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